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Abstract Acute respiratory distress syndrome ( ARDS) has once again become the focus of the public attention in the
backgrounds of the COVID-19 epidemic. Throughout the history of ARDS combined with the lessons learned from the COVID-

19 treatment, we have a deep understanding of the limitations of traditional knowledge. Due to the constraints of technology,

the complicated ARDS can only be explained from a single clinical manifestation or a certain biological phenomenon/molecule

in a specific time and space dimension. With the establishment of clinical data informatization, the development of omics

technology and the improvement of machine learning algorithms, it is possible and necessary to re-understand ARDS. The

concept of the clinical phenotype of ARDS is proposed. ARDS phenotype is divided into phenotype and endotype. The combi-

nation of phenotype and endotype will be able to reflect the patient$ clinical condition changes and treatment response dynam-

ically and continuously in real time. It will provide a series of algorithms and applications have been developed to form an in-

telligent, individualized, and precise ARDS treatment system to achieve clinical decision support for ARDS diagnosis, prog-

nosis, and treatment.
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